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Text-Prompted Speaker Recognition
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Fig. 1 Basic procedure for the text-prompted speaker verification.
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Phoneme-independent speaker HMM creation
(1-state 64-mixture-Gaussian HMM)
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Fig.2 Block diagram of the method using only train-
ing data (Method 1).
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Table 1 Relationship belween three methods using
speaker-independent phoneme models.
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Iig. 3 Block diagram of the method based on phoneme-
adaptation of speaker HMM (Method 2).
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Fig.4 Construction of initial models for the method based on phoneme-
adaptation of speaker HMM (Method 2).
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Fig.5 Block diagram of the method based on spenker-
adaptation of phoneme HMMs (Method 3).
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Fig.6 Block diagram of the method using phoneme
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(Method 4).
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Fig. 7 Phoneme-independent training procedure.
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Table 3 FPhonemes used in the experiments.
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Fig.8 Comparison of speaker verification error rates
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Table 4 Verification error rates (%) according to
the types of phoneme-dependent/independent
training series. (D: phoneme-dependent train-
ing. I: phoneme-independent training. [ |:with
likelihood normalization).
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Fig.12 Phoneme dependent/independent iterative
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