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X 1: Example of a Bayesian nctwork.
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# 1: Example of Conditional Probability Tables (CPTs)

(Anificial data)
B T Acadamic | E
04| a6
G Male Female
P=Academic 08 02
P 04 06
F High Low
G=Male 03 0.7
G=Female 0.8 0.2
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[ 2: Baseline phone HMM.
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4 3: DBN representation of a phonc HMM sequence.
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[X 4: Portion of a time slice of each DBN-based acoustic model.
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4 5: Recognition result using oracle speaking rate.

# 2: Recognition results using estimated speaking rate
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