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“Gaussian mixture optimization based on aggregated cross-validation likelihood. by Takahiro Shinozaki
(Tokyo Institute of Technology), Sadaoki Furui (Tokyo Institute of Technology), and Tatsuya Kawahara

(Kyoto University)
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Fig. 1 Cross-validation
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Fig. 2 Aggregated cross-validation
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Fig. 3 Word error rates

WEFIVE LT, EM(5 B)+HEREEZHWIIESS
ROMHIRELHESBERONE, O—FEDBRIE% 1
FENV—TL LT, ThEZVRTCLICKD, BE
HYZ5#H HMM O¥¥EBI Koz, TAREY
M CSI 2 iET LY b 10588 TH %, I
Xk [1]) LRETH B,

5 RERER

X 21C EM LIREBERNEIDOA TIES D OFEHIR
HEEIThEVES, MDL#%/ CVi%/Ag-CViElc &
D ZNFNEIRE L E T 2 E. BXUEMED
b 0IC AgEM #: [3] & Ag-CV B it £ AHE
bEGEEOMERY REIRT, CVICXBERHT
EEfbid K =30, Ag-CVI3 K=6,K'=3,N =10
ELTTo%, AgEMEIR K =12, K' =6, N =12
L Uz, Mokl EM )L—7 5 B L IBESEEOH:
& 1 DOEEIN—TL LTHA T4 DTH%B. EM
DIHDR—=ZF AL VTR 1 IV—=TTLICETIVDIE
BEEMIC 2 fFICIBINS B 728, V—THEHEZ B
CIRPEEMNPEEL T B, Ag-CVIEICKXDIRADHD
RELZITI T LT, BERZEEHICHIEL DD,
N—RFA »DF/IME & LhEE U THRNANC 3.5%2 D
EHERE NIz, T 5IC Ag-EM LHEAEDEBZ L
THRAT 44%2 0 RO E N, BREOEHEN
~ENTz,

B ATEIEPIE (19700167) DB ZZIT 121
DTH 53,

BE R

(1] i, FIR, =i (F), 41-42, 2007.

[2] Breiman, Machine Learning, 24(2), 123-140,
1996.

[3] 75, Ostendorf, /&, SP(2007-12), 223-228,
2007.

20084E3 A



