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Algorithm 5 Natural Policy Gradient Method with Parameter-based Exploration
Require: 0 = (w, C): policy parameters, 1(u|s, w): controller, a:: step size, 5: discount
rate, b: baseline.

1: Initialize zg = 0, observe s;.

2: fort=1,..do

3. Draw & ~ N(0,I), compute action wy; = CT¢& + w.

4:  Execute u; ~ 1p(uy|sy, W), obtain observation s;y1 and reward ry.

5. Vwlog u(wil0) = w; — w, Vg log u(wi|0) = {triu(&l) — jdiag(6¢F) — $13C
6:  # = Bz—1 + Vglog u(w|0)
7 0—0+alr—0b)z
8: end for
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