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The Vision Transformer (ViT), which uses Attention instead of convolution for feature extraction, has demon-
strated high performance in the field of image processing. This result shows that the Transformer can be used
for both time-series and images, and is expected to be a versatile model that is independent of the mode of data.
However, many of the studies derived from ViT have narrowed the receptive field for feature extraction, and their

adaptability to time-series such as speech is compromised.

In this paper, we propose a method to adaptively

optimize the receptive fields for a given mode of data. We developed a model using the proposed method and
conducted experiments on two types of data, images and speech, and found that the proposed method outperforms
conventional methods for both. The visualization shows that the proposed method can acquire a suitable receptive

field depending on the mode of the given data.
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