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The sophisticated website satisfying various re-
quirements becomes much more important to prop-
agate information via websites. Web page recom-
mendation methods using web access logs are use-
ful because of its unnecessity of the modification in
the client. We have proposed WRAPL as a technique
of extracting LCS (Longest Common Subsequences)
from web access logs and using them to recommend
web pages. In this paper, we compare three weight-
ing methods for Web page recommendation using ac-
tual data to improve recommendation accuracy.
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