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Abstract

errors in underdatermined blind source separation in

We propose a method to reduce estimation

sparse representation using noise reduction mask.

Errors occur when we estimate original signals by using
linear programming problem with estimated mixing ma-
trix if the number of original source n is greater than that
of observed signals. We apply noise reduction mask on
the signal obtained from the linear programming prob-
lem to reduce the errors. From our experiments, we got
1.5 to 2.0 times more number of correct signals espe-
cially when the signal is very small, where more orrors
tend to occur than other points. We also got improved
SDR(Signal to Difference Ratio) and noise was reduced

in whole signals.
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