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* Gaussian-process-regression-based speech synthesis using sparse approximation and convolution kernel,
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Table 1 AWEFOFEEHFIINTLANVTTANT
2 FHEE [dB]

Number of training sentences
Method 150 250 350 450

HMM-ML 576 558 546 5.41
HMM-MGE | 5.71 553 541 5.38
GPR-LS 549 529 519 513
GPR-PS 546 527 518 5.11
GPR-PM 543 524 515 5.07
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