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Figure 1  Trimodal Deep Autoencoder
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2. Trimodal Deep Autoencoder
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Figure 2 Pre-training process of Trimodal Deep Autoencoder with five layers
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Figure 3 A color mouth image (a) and a depth mouth

image (b) captured at a same frame
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Table 1 The number of units in Deep Autoencoders
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Table 2  Experimental results (Word Error Rates %)
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Figure 4 A color mouth image (a) and a depth mouth

image (b) when /k/ is pronounced
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