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Abstract

This article argues that the distributed semantic processing
system in the human brain can be explored through individua
typological differences, based on the dataset of the 2008
Science article by Mitchdl e a. on computationd
neurolinguistics. The crucia finding is that both modality-
specific and supramodal semantic areas, which have raised
critica issues in neuro cognitive semantics and its meta
anadysis, could be extracted from a subgroup of subjects
exhibiting mediocre precison by using different feature
selection methods (ANOVA and Stability). This result might
create new posshilities for human neuroscience by
interlocking a single-subject andysis with methods for
evauation of individua variability and fMRI meta-analysis
with collective data sources associated with various types of
external knowledge system.

Keywords — fMRI, MVPA, feature sdection, individual
variability, semantics.

1. [EL®IC

AN OFFEEBZ O Y | ke A A — 7D
RESI I - A L, S SR AL O At
Z RO HHFFEIL, RO FITEREE A I & U Chl < B
ICETHATHS 1], LU, EMALE ORI
KD HWFFUTHIE, —OORFUCER L TWD EF o
TS TR, FHUE D voxels LULOTEEHAME AR
\ZRIR D IR G E B LW O E A ZEDNE 2 )7 ORI
& 2)FX DT o (RHEFEOES), &G & OWEH) 1K
17 LRV BRI Ot X 2 & ZAZ[RET D &
) EREOARE R METH D, AU T,
Mitchell et al @ Science FR3C[2]ITHATE 2 BT

SRETTHT S —F e e TR T 5 2 & T

Z DIRFZRIRFZH 5 2 BRI 72 A & 55T DF % $7:
RLTZVN,

2. FIEMESEFRETORR

Mitchell & [2]13, FFiE D HFERITAI 03 D R i
(SRR T — &) &, ZNODOHFEDEGE R¥ =
AV b aA—sRRANTIIT DRI (BRRME & T

L EARRER E OIET —7) A5 L. jiE 2R
B BB AN L T D EIRET VA FHE UL, o
TR EHRD 72 WARFN O BFEIC K 2 IEOIRIE & 7T
XD LERLE, ZOFEGIESHET (ARSIEL
) & AR R R A AT AR b DO TH Y 7o
5, TOTNITVRALIEZDLO T TINTHD,
Mitchell 53R L7 TOEIGFAT, viX voxel ThH
0. B yeld v O CEBRBII S S 2) TEE~ 2 R
Jb. o TERHEMEOMEH (Z 2 TSN 25 ) |
£7(m 1%, OMRT ZEBRCHIEL & LTl 7=445 w (60
DAFANGIRD) & 1 FHOBERIEMED a3 — "2 (22
TI% Google Web 1T 5-gram Version 1)I231 5Lk
e (BEMEDOTR S DFEER) . ovi IXEMEENE 728 voxel
v DIRIEIZE RS D AN T —/37 A= —OHEE(E T,
cvi L)%biﬁﬂ?ﬁﬁf&) Do

n=$ et

Science i 3L COIFRSNIEILF9 A (PL, P2, -+, P9)
TH Y| 51 60 EDOLAFIDH R RNZ I IUED
NleXy 7y a U MEOT oY a2 RRR G, fMRL A
X ¥ =0 TGO IR EM R L AR S, 2
DEMIEZ 27 1%, FEOTETIEE T > ¥ MMIEZ
TaF6t v MTbid, Mitchell HiE, EiioEIF
R 12012, 20 6 v b EE U TRE LRI
Y voxels &, HNHICBAT 2 HREF L TWD EEX
DIDHFEMEL LT, D AT » 7" Z LI 500 i
B U7z, Z OFMESPUEITZENE (Stability) FEEE &
FEIXIL. ZILEND voxel T &2, By MLFE WD
TEOMRIEMEATA Z HE L, &1y MO =1 AL
FEIZ X D —xf e 23~ ThINRE LC, 500 fEDEK
Stability fE%&FC8k L7 voxels & IEL L CGERINGT 5,

AT, 60 [HOAFND 2 @4 LT, £DoE
FER X172 500 fH D voxels 12X L, _FREDOET /L THE
WFE 2 ATV, BRTEHEE E & BVE =R O CTHB D
MAADEE 4 BYFHE LEZ BT, F—04 5o
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BACRE DA 72 24 G OFHEIR B DT L v RE v
WAz, EEffEE 35 (2% leave-two—out cross—
validation &\ 9), ZDOAT v 7 IE 1770 (=60C2) [AIJ
BHEh, FROEEEZL>TIOETALOBNE L
DOIEEEL T2, 727201, Mitchell &OSUZHIREIZIE
EDPNTWRWA | Z o EFE T VICIZEANE
(regularization) AN Z H AL, ORGSR, ZhE Z &
DOFREFEEIX, £ Z40.83, 0.76, 0.78, 0.72, 0.78,
0.85, 0.73, 0.68, 0.82 (¥ = 0.77) T, §XCTH
BTHD LWL, 72720 Akama [3]2RL72X)
(2, IEANETEZ N Z 97, B o S i s IRy ORI
T5HE, 0.82, 0.78, 0.78, 0.78, 0.75, 0.64, 0.71,
0.6, 0.65 £\9 X9z, P6, P8, P9 DIEEEMMM2 Y
wHoh,
ZOXDICEEYHET VA AW T, B o HEEdE
T & —IROMRIET — & % b & AARFNORRIE T
T BB T T T, BIREREILEE L DRT DEZE
3% — 458 Multivariate pattern analysis, W
LT MVPA) ZAAE R TEAE S5, Mitchell 52
WEE D ZOFEE, Murphy HIZL Y| FHHEMARSFES
(Computational Neurolinguistics) ™4 CHEIZIL[4],
Huth 5@ Nature #3C 1112073 > T, BELRELY
el o (61, (6], [7], [8], [9D). LA L, £bZ b,
FHRAR SRR T 7 e — Tk, AERNCE— RSy
#T(single subject analysis) WEATHY ., FInH
— I )L (General Linear Model, GLM) D X 9 73

PERERVBERI 2O 2 5| S T 2 L IZZ DD TE LY,

Z O TIE, FEREINE TR DT Y o ZIZERAH
o=, EBRBINE Z L OFFERBRETA, T UL
DAEMERIERBEBLORMEM 2~ LW I T TRT
DOIEFI T 5, Mitchell HLKES . EANKICL VS
IMEEBITH U CHREICE BRET VAR TE
ZEnn | EAEOHBILE - 72 <EaEm S TR0,
Z L CHERMIZRHRI L, fMRT A Z 5T 6 2 27 S {H
NHDRAECET 2R A g T2 L3 LV,
EAZEDRIE & B BT 5 01%, ThEhoH
FEOBEMAFRIM T 5 voxels & TR ORI
TeoTHBLTEY , FREDODEEBIZER LT
WEW D | BEIREDIE (semantic memory) OFREEAZIC F,
LILDORETH D, T4 (distributed
representation) & FEIZNTER Y, 7 — % O ik
(smoothing) Z4T472\ Y MVPA DAL, Kt E D=
WOIEIN 372381 (voxels) DSBABRYEIRIZE HIZ D0k
N R 535 (Raizada 5 [10] X Z 41 % salt and

s(3-2

pepper effect LFEATIND), BEMALE O SHEEFRG %
JIFTHNCE IR 5356 A7 0L SOTEIR,
embodiment FRHIE A EH T 562 & Th 5,
Embodiment &I, HFERCLOEWIMRIZIX, ZONE
& BT DO - EERE S - FEr S 2 L
B, B2 G S e ORRE DMABINE OARIL A L -
VIalb— R TOROBRAN=ALBRELRD &N
IEZFTTHD, Mitchell et al. LERFEMEOO LD
ThD” eat” &) BEFAOIRIEHETHEIRIZIV T, BR
WiH (gustatory cortex) |[C K EREAZFHEEIIL T
WHZET, fMRT A X AT OMAIZIRG L, Z 0%
T NOEYM A Embodiment &\ Al 2> B EEAFIT
TW5,

Embodiment (Z31F HE X U 7 1 OLERMEZ, EWHRAL
B OGBERROWNEDLERNE L RE—RIZRD | ok
EWROERZHEN T 2ER L oo T D, EHICE
Tz FNRE BB, AL EORfx 20— Rl A TR
K 240, 5 | HFR SREEE O, W o 5 EE
FRXIZBI L Th L am DXL L DIV D, ZEIEAMRODR
E| %5745 Hub and Spoke 7 /L (Patterson
(11][12]), ZEHpqalgaa], 22 HRISETE ) S A AR E T
7 a—A7T v 7925 High level convergence &7 /L
(Binder 5 [13][14]) 22 &, EIRPHUZBIL T, 7=
MBAEIE DV ZPREFHEHNH D —F L7y, Fo b
el e LT, S OEX Y 7 ¢ 249§l T
BRI BB OABTTE T L TW D DTN &0
IRFT BB TEHETE R, EWRHHIZEET Hikim
%, IMRI BFZEICH1T D A ZHTISARFIR T B0, =
eV AOKINE, EFE L AZGHTOXRA KD
BRI T DO DFE LT D, Patterson
ORFIRET D K DT, Mg SRR, Bk
FKORIR DAV, IMRI TIHEFZMH LIC
SWEETH D, LW D ORZOIRITH S [11], W
AUz LB 2 Tl & U 72 BRRLBRGEIR I 38T
HX 2SR & AR O CEE L7273 6. Embodiment
Fex 7pe 2 ) T ¢ (REREOIES), 72 & ORH) %
HHFERE DM TRy NT—27 2R L., rEuE 4
IToTVD LT DD, MREENRR OISR 72 7Y
MThbH9, DA, WPA OIS THMEL LT
B SHU72 voxels 23, IMPN O & OFEIRIZALE LTV D
Ik, ETHEBRBINGE ZLIEET D 2 LN EERE
bRa b,

3. FEMRESEFOBEANE A 20
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AWFFEOFEL L, AU CR LR SEEF 05
R CHDLMENELE FEEG L VI BN D, Mitchell
DORHT —# x5z, FHERFUCE TEHRE>T
BT « A X T> T 5 [3], $7ebb, Mo
TEIN B EWD B 5 M (voxels) ZHE HIT & W 9 bk
FHEEIOAT » 7T, ERBIME O ED L5 IZH
PRI TN DD EI BN LT, & 2 TORAIL,
EAEZ AN D ETO T HAEIFR ORI L 5 ET VIEE
DN, £ L SiEOEWLERIZ I T A8 A DRMIE
BOEMNRZEIHIGE L TS E NS Z ETHY, Th
ZHOCLIEESITOFELZLLNICE LD D,

E9. [3]1TlE, M (voxels) BIRDFEE LT,
Mitchell b Z4awH & LTE < OFHHEMRSREF DM
T2 EM (Stability) FEEEICINZ . Pereira ©[15] 73
ET D ANOVA-T H G [FIFFICEE L, voxel Z&1i2,
OOFERENPFAEDNEN 2 bl - /347 LTz, ZZTE 9
ANOVA—F fll & 1 iR & 72 54450 2 & 12 6 [BloFRIC &
LEIEEOREZTER L, & OREM 2R CEA ) 28N
FER CEFm 6t U CRHEi L 72 E T D,

FEERL LT, IR E - 500 fHD voxels x4l L
T FEBRSMEROFONT I (L : Stability . T :
ANOVA-f fif) 2V"9- &30 (X 1), IEANEEEL THR
I 72E T LREREIL, i\ Stability fif, ANOVA- fii & [
BRI 22 Linbhole, FFETRZII, PLAINALHE
MEOE T, ZAUZFE P2-P4 O NA—T7ZH L TH
EAHTENE NS ZETHD, PL OHN, IEHNE
H L CORBEICIZTE R R ohenZ e Zo
R B AR & ORNIE, TS OBEMER S 5
ZERTREIND, I DICHMEEOHRALZ —T (P5,
P6, P7T Z#EMET D)2 LI ATV D,
Stability fifi& ANOVA-f fllZ X Y SR S 7z L 500
fED voxels IZDWT, AT < VAN FHB A FHH L 7=
LA, P5 L PTITHERMMEZ e LTS, P6 1Txt
LCIEAE TR, 2>, P61LP5, PT %721, OLS
DI K DREEED TO%LA T, Z L TR TR Sz
voxels [HOBUVNEW 100 LLER G, ZDZ &
5. HHTHTPEILPS, P9 & & bITH Py LV—7
RS 5 & R LT,

s(3-2

P9 II b svsss
P8 ll s
p7 I. e e mrsmams o
Pe II R,
P5 -
P4 o
Pl
P2 O 7 [t B £ 5
i [ | ]
4 5
S
P8 \"—v— -
P7 |I4¢..._ -
P6 ;||,‘__.. .
P5 1| D
P4 HIE——
P3 F s st
P2 4 T
. - s

10

X 1B S 7= voxels O Stability, ANOVA-f &

DX DNTETREEOIRNERSINE T, £
HEPUITFUNTLEE (Stability) FEEE & ANOVA-T 12 &
D FEMEER 7= voxels DB UVEWIENTLD, Loa L.
BT 5 L DI, FOMEHIFIAEICIE, B voxels
DFPEDFE PR 2 Z A T L AL K57, %
S U<l L2 Hiv, Lok & ORFHIRE
TR ORERORNLIZBIE T 2 L O TH DH 2
&I LTz,

BMRNZ L2, OLS ORIZEHET U o THEEN
T0%LL FOZMNE P6, P8, P (ALY V—7) Tlk, LE
P (Stability) F5EE & ANOVA—f fill CEBR L 7= A7 500
D voxels D HH 100 LLED DRI ->TEY (Fi
I 183,146, 124) . U EWEIIBADF LY 1
WRAZT 2> T, DITOX 213, PL, P6 %A
12, B CIIN & N7z voxels &, FNHRROKHE
EECONEN 2 R & L C e Fmic 7 my Lz b
DTH D (BFBRBIMNEIZOWTOIL[B] 2B =
&) BHEBEBMERIGT 57T 7T, ROKFAHRT
XU Hi7= 6 DIE, Stability TEIR &7 voxels D
ANOVA-f fEIZ 31T BIBAL, AROTEEHR CTRE) H7-H D
1X. ANOVA-f fl CIBIR 7= voxels @ Stability (28
FBNEM A2 F LT D, FIEIETEIN Sz voxels D
BUVEWVIE, PL TIEHOT 0 13 fH L i/ TH D DITH
L. P6 TiX 183 il & KA FLE L TV D, ZHbdD
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BVE D RPGRIRIT. KTIIARBOSMI (EH L <
FNZGHAT D By oL TRahb,

Anova rank of voxels selected by Stability

Anova rank of voxels selected by Stability

_ Stability ra?k of voxels sele:tﬂad by Anova
500 Rpg o Vg o 590 o
C ac fo
400 29 0 oy . ‘
F D40 o o
o &
300 L7 - o
O o P
LN
200 L8
& 8" P6
100 [8
o L | L L ]
(1} 500 1000 1500 2000 2500 3000 3500 4000 4500

2 Mk voxels ? Stability, ANOVA-f fEDJIEAL

P6, P8, PI(TNLZN—) CTid, FREDIEMAIFA
PEATRT M voxels 23, B Z &2 100 LLER SR
DT, T HITK > TLERMIM72 5045 DFHE A B> T
@d < o F DO 7= ¥ AAL(Automated Anatomical
Labeling) [16] DRMHIZFIH L, =D 3 FHizHBWTHE
AR F A ~R T voxels ZHEFEADICELY B, Fh
O ORI T~V R L. Zhve b o THEHtAY
BAAFEMERER S Lz, &SI v —71cdb@+ %
PEM AR IR A I L, 2 2R BT D Pk
RSB voxels OHBUEE A HEIE 2 L ICEFA LT,

ZORER, ALYV —TTlk, e (Stability) 8
ECEITAH A ANOVA-T il TIEE T 72 W FE
voxels (ZNEHAT 2 LIRS D ET D) DEL I,
FREARMCHSERIREI 72 EHEE X U 7 ¢ IZBE L T
LHE ORI EN TS Z LV LT, Z D5k
IX Mitchell B2MRH L7 HDIEN, Wb SFEDE
WRALEE B ORI R -5 FE voxels 1HIF & A E R
o lz, KRHT ANOVA-F il TRITH 5 N2 e
(Stability) FEEE CIIEITI /2N voxels (Ziva ¥

s(3-2

A7 1 ERES) X, EHEER A RIS A ST e 8 E
FED WAL O b2 < At s D Z &b
ol ZAT 1 L XA T 2 ODIFFEEIROFZEIFRST - T
BY | BERDBANEE AV EFELIR, 2D X5 728
X, BT VRBE O BRI FEBRSINE CIL, STeo0F
PERPUE TREEDIZTE D W e AR o7,
LML, 7V 7 Ok (82%) a7tk T 5 Pl %
B2 &, MietElcdsmd 5 487 D FEM: voxels 1X, &
DIT L A ED4IERE - MIBARE ORI L £ F
AEAE] - =AER0 X 5 22 S EEE ) O 13T T
WRWZ EinoTe,

3 Rk voxels DFIEFIR(TALY V—7)

3VE, AL —7 N TH@ 7R M voxels DIFFE
FEIZIRE L, #A 7 2(k) . 47 1(F) OFME
voxels 2Miffii] AAL DRI LT 203 F T —~ v/
TRLEVDTHD, TNENDOLE T T —/"—TmR
L7zEBY ., mNmBESZLET 2HEElIa TR LN
TV, Stability TOHREITNDF AT 2 OFEME
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voxels 23H1%EEE] (Occipital Mid_L) £ 0 I H 4
% DI L ANOVA-F [ETOIRITND Z A 7 1 DOFEME
voxels D2 HHIGEA] (Temporal Mid_L) 122 < R 5
ZENEMRESILD,

29 LIERERITA Z 0 OWLR 6 b HE R E R &
Ho, SREOEMAHEEIZEST 5 Binder 5D LT o
—EC[14] 23779 & BV . embodiment FRENZIBIT BF
2V T ¢ (R OF ¢, HRIFARE I — 3
VIR E AL, B FERN (supramodal) 72 EBRALEE~
OFAEAERZITS LW INESIT R AR TH D, 105
Ao Mitchell &[22l L7405 v AT AT 5 Ftk
BIRIL, SREOEWHEMOTRN LU E TRED T
g, BRI R ERREOFRITEF IS LT
HEVIHIRFEEHY OB, 7220, Rz X oIz,
Mitchell B2% “eat” &\ EFERIDHEE PR NI R
WiE% JH U7z embodiment fERRIZ, ZFDIER T MY
N—TIZRBND K H 72, Stability FEIE L R E XY
T4 EOBFWE(Z A T 2 ITBNTHHENTH 5 AlHE
PR SN TN D, EDEE, 2 (Stability) &%,
ZOFFEERNS LTEED TR %2 i s
DIrOT, FEOBIRT HIERRIGDA AR R L
B0 & 5 BARBZ2 R T RS & SO Lod 0 &
IRFBEZOND, —FH, T NV—71ZB T,
ANOVA-F fifl & OV < ik voxels (# A 7 1) 14, Binder
5141 D 9 B FER (supramodal) 72 E R, 4
ROBLEXY T 4 B ORI TGS 2 M6
Wz % < A SN, ZOMRED, ZFRIEERICTH D =
ElE, AZSHHTH JIFE ORI, 2 2T
(), G, EBRRBRIN 72 BB DA RO il d Z &
I, ANOVA-F EDOFHEER N D L CH oA TH
B TR B2EME (Stability) FREE & B2 0 | ANOVA-
X 2 TERERMEEI O 17258 (0#) DRE S &3
fliL TWDH5HTHD, BIEHETFOR, V¥ =2—/LD
FIBEMET DT, SBOR TR E 2RO R
BIRIC L - Te b &, BEEFER (supramodal) 7 E B
HEEITH 9 2Ty IMRI DA ZSHRHSNTT 58
WITIBE IR O R TRENNIRE R BERN H 5725
Do

oA NFERSINE DR NFED & BRI O JE %
I UBMBFE OB R, OW I £ CRIFR s
ZPLTTOLUTIE, FEZL OFRBARIML TS Z
LIS 9 B0, 272 L, 29 LiziEam Ok 7a
BHON, MRl OFEET Y o 7 BW TSR
FEER MRV ERBIMEOT —Z ThdH NS Z &

s(3-2

X, FEHLTRWZ L EBbD, bbb, 50K
Ha F 7 A N LAVRERWEBRSINE ORHRIZ, &
WRRm O % 7B OBEBAY, 572 2 Mg UE 2 U T
RRANTHEBLT 5 &5 5| BURRWBIZRNEE T\ D,
LbZENDIE, T—F DAL= T %479 LIRID
B EBRD ABIR L L GREsk STV D, 2D Z &
I HEEEA A =0 BT D, il TEF T,
[ A4 XD, TN T—2D 5Bz, TR\ 7
— PR LT LE D \HERFHRPIEE L T D AlRetE
ZRE LTS, ZORMREMEIE, OV CTIIRHEEEA A —
DU THIGED B Y ITE DB DODRINE LIZD7R S D
Ty e s 2 Bbhs,

5, BRLFROREE

ZDO XD, MOIRIE AT O M2 €7 Y
7R, EBIOFEEBRBINE LIV THERET 513020 T
72 < IEREZR EOFEERLIETIOT — 212, & hOfiK
DR CUVNTEMER BN TV D 02D <Y D7
D AREHRERBTEA TWND Z ERALMNT 5T,
29 LI i AIs L, AZDOET U ba s
952 &, A A~—D—DOREL S ) ERpEH
B2OXROZ 7263, SFHHEEOMIIZIBNTH R
WIZETHENRHD L) B bis, MG OHEET
FIVEFHET D SR — 430 IWPA) Tl 15
BEORZVGEIOY A7 ~OINEEPEN TR D7
D, BEMHY LRSI TR MOG#HEET L (— A
DOBMNE THFE LTHEET T L 2 OB INE i
% H0) DR, B T ORSEEICA T3
TIHRVY, T2 LNISINE 0 O T & e ik s
H7-%. hyperalignment[17]<° Joint Rank Feature
selection[18] Z IR & T DAk IR TFIENELRINT
W5, BINE TR 7 AVORBLIIMORE SR, Hhe
HCOENZED EH B0 G, EORREERRT 2 Dh, —
DOERB DO BT NN FTRED R & K% 728
WIZORNBDHDTIEH D, Ll ZbEHEI LI
BATlE, MAZEEH ETXFIAT 4 —DHEN O
WA 5720 T, AR EREE LTE bR DMk
MRS, Te LA, AWFFED K 912, MbUEZ D <
DIRNZEN, & I AR E CTE BEAZEDOET Y
YINORMY DL ENRTRINLLLE, HEERE
IR & L ORE LIEHT 2 OBEERNTIERNWEA S
D T7RbbH HAZEOSHTZEL, & FOMKEZD S
HEE L BIEDRI DI v v 7Y v 288 5 ATREMED
B D B E WV HHLETH B,
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BHOENTWD L DI, Marr 13ME 2 B a—H
EDORHIZE > TER L, N— RU =T IZEIT 5 5%
DR, ¥ AT LOERRA ] O FHHEGROMEE . 2 OWES
WEED A B = A LZA] D T3 X LDy 7=
BT, ENSEHAT D LK DDA
ANz, UL, B D OFAHEB 20 AT MR
AL DL LTHANIIEZDIZH T,
Barsalou[19] D7RIET 5 XK 51T, BHOHKHEE L k245
Ei RIS SIS R A RS r 2=
ALDOBERE, FHZ— NOE D O ED X5 IZfEVER)
BN TWDEDEWRLNIT DI LIXTE RN,
Embodiment FRHFLFHDOZR}ThH 5D Barsalou D Z Dk
FlE. Mitchell @EPFET V%G L= Huth H[1]10
BWRA)Z A VU 27 (semantic tiling) \Zx19 BIFZL7R
LD TR SN TWD, Huth 5O BAEIIAEAD
fUOHFINZ, HEECIRRFIHEERE & Z ORI DN &
GG S, =Rt TR L ST IPEEE (mental
lexicon) Z#i< £\ 9 LD TH D, Z D MVPAIFZEIZIS
W, Huth BiX, EBkFEM—Barsalou X v 7 5E
(topic words) &FEA TS —& MR OFILRED Hkd
7 hv—Barsalou |ZFEEEIEK (basis function) &I
ATWD—=0, R L)L TAHOOERKITTE AR
RODORE SEZRTHOE LT LTS, L
L. CIUTRIROTEFHRED 20% L1vVe<, LbEAL
LT, BRSBTS T A MEREE A R T h D &L L
THIH SN TEE . TR D DO TR A7 35%1 L
DAY L7V, £ D72 EMBLOMMBIRNIEE T
RS ANFEZ T L . Barsalou IFMBfili L T\ 5,

MBI Z 31T DN Z SR T e —F 3 51
X, AAER LD TS A AR
Thd, LML, MREWRICHK > TH WPABFFETD
EBRSIMEENL, BT — 5 D voxel L)L TD
LA RN T, B W—HTE2 B HFEE D —
AN, TR KR TH LN 2 T2 DI,
Mitchell HDF —Z OB RT LI, DT 9I4
DBIMEETHE IO LA A BN D L)
ZEThole, ZZTETEZLNDHOIT, INIERICE
B ANFEE | BRFEIN OB - AEBREER - DS
ITEEIC > TR L, @ b7 2 7 7 A VE1T> T,
F IR E T ) T OB ERRINT D LD
HEWETH S, EBIT, T 2 TR~ X 1T, FHREMR
SEEN, T HZ b DA MEA ORI S DRk A
LIS DOFER T 5 52—/ A b O3 - B
HVERR & A S8, T —Z DEE LR WERETORM

s(3-2

DTG Z T2 LW OREHERTH D, B L, ORI
T — 2 ORI DM S )b 53, RSO —
WL (B L-UL) CRRICHEE Lo fis L7232 <
DTHIUL, £ ZIZFFHa— A FREF L < S D
SEFFIRRARZ . LB E#ENISEAT L EOR
EPEETE L 9, TD L D A8, & DRI E
SV FPFRRACR & X, ORI O A & Hr OfERIZ
F072 5720, Mitchell BT —% OFHTCHH &)
(272 o T AZEIZIX, SREOEMALERIZBE 3 2 ik
B2 A B 50 EOFfEE L THEIRTE 2 b O)3 S
Aoz, £HZH fMRI DR X581 % S BITERO A
Z LU TREETIUR, IMOBSRE L G D2 2o
LAY —Z B, BRx RIFROR Y MU —7 ZEHRET
HZENARETH D, b LEWKREMEZ R OAHTI)E,
+ 72 bBarsalou DEH T AT Y R LOREBIZIBNT,
A BT & FRET—/3 2 LS TOOEMBISMI AR
Fv MU—7 BEEAETIUL, bivbiid Mitchell X2
Huth & OFHR L7 AR DZED & 51 & RE R I BE
L., ——HREHNFE Ry N —2 B E 2 —%
DINT A—=Z—EDEKRIRIA0 . 8 DV THE 725
FHEEDER L LTI 2 b— b5 2 ENAREICA
HOTIEIRD, 7272 L, ZHUTERSROBETH Y | B
PRI E LTHET DIcE PO T b LT3,

SE 3k
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